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A

Al (Artificial Intelligence). Al involves the replication of human-like intelligence processes using computer systems. This
encompasses tasks such as learning, reasoning, problem-solving, and making decisions in a way that mimics human
cognitive abilities. In healthcare, Al is used for diagnosis, treatment planning, and medical research. [1]

Algorithm. An algorithm is a structured set of instructions used by artificial intelligence systems to perform specific tasks
or solve complex problems. In medicine, algorithms can be used for tasks like analyzing medical images or predicting
patient outcomes. [2]

Al Ethics. Al ethics pertain to the ethical considerations and responsibilities that Al stakeholders, such as developers,
engineers, and policymakers and medical professionals, must address to ensure the responsible development and use of
Al technology in healthcare. This involves establishing systems and principles to promote safety, fairness, and patient
privacy in Al applications. [3]

Artificial General Intelligence (AGI): A concept suggesting a more advanced version of Al than we know today, one that
can perform tasks much better than humans while also teaching and advancing its own capabilities. While not yet realized,
AGI could potentially revolutionize medical research and treatment. [4]

Autonomous Agents: Al models that have the capabilities, programming, and other tools to accomplish specific tasks
independently. In healthcare, this could include Al-driven diagnostic systems or robotic surgical assistants. [5]

Al-Assisted Surgery: The use of Al technologies to enhance surgical procedures, including preoperative planning,
intraoperative guidance, and postoperative care. [6]

Al in Drug Discovery: The application of Al techniques to accelerate the process of identifying, designing, and testing new
pharmaceutical compounds. [7]

Al-Powered Health Monitoring: The use of Al algorithms to analyze data from wearable devices and other sensors to
monitor patient health and detect potential issues early. [8]

Bias (in Al). A systemic prejudice built into algorithms or data that can lead to unfair or discriminatory outcomes. In
medicine, this could result in disparities in diagnosis or treatment recommendations for different patient populations. [9]



Big data. Extremely large and complex datasets that are difficult to process with traditional methods. In healthcare, this
might include electronic health records, genomic data, and medical imaging data. [10]

Biomedical Informatics. The application of information technology and computational methods to solve problems in
medicine and healthcare. [11]

BioNLP (Biomedical Natural Language Processing). A subfield of natural language processing specializing in processing
biomedical text data, such as medical literature, clinical notes, and patient records. [12]

Bioinformatics: The application of computational techniques to analyze and interpret biological data, particularly in the
fields of molecular biology and genetics. [13]

C

ChatGPT. ChatGPT is a chatbot developed by OpenAl that gained considerable attention for its ability to generate human-
like text responses. While not specifically designed for medical use, it has implications for medical education and patient
communication. [14]

Cognitive computing. Another term for artificial intelligence, emphasizing systems that can learn, reason, and solve
problems in ways similar to human cognition. In medicine, cognitive computing systems can assist in complex diagnostic
processes. [15]

Computer-Aided Diagnosis (CAD): The use of Al and computer vision techniques to assist medical professionals in
interpreting medical images and making diagnoses. [16]

Clinical Decision Support Systems (CDSS): Al-powered tools that provide clinicians with patient-specific information and
evidence-based recommendations to enhance decision-making in patient care. [17]

Convolutional Neural Networks (CNNs): A type of deep learning algorithm particularly effective in image analysis, widely
used in medical imaging for tasks like tumor detection or organ segmentation. [18]

D

Data Augmentation: Remixing existing data or adding a more diverse set of data to train an Al. In medical Al, this can be
used to expand limited datasets or create more representative training data. [19]

Data Mining: The process of systematically extracting valuable information and identifying patterns from large and
complex datasets. In medicine, this can be used to uncover insights from patient records or research data. [20]

Deep Learning: A subset of machine learning that emulates human knowledge acquisition using neural networks with
multiple layers. In medicine, it's particularly useful for tasks like image analysis in radiology or pathology. [21]

Digital Pathology: The use of Al in analyzing digitized pathology slides, enhancing the accuracy and efficiency of disease
diagnosis. [22]

Digital Twins: Virtual representations of physical entities (like organs or entire physiological systems) that can be used to
simulate and predict outcomes in personalized medicine. [23]



E

Explainable Al (XAl): Techniques that aim to make Al models more transparent and interpretable for humans. This is
crucial in medicine to understand how Al arrives at diagnoses or treatment recommendations. [24]

Electronic Health Records (EHR) Analytics: The application of Al and machine learning techniques to analyze and derive
insights from electronic health records. [25]

Ensemble Learning: A machine learning technique that combines multiple models to improve prediction accuracy, often
used in medical diagnosis and prognosis. [26]

F

Federated Learning: A machine learning technique that trains an algorithm across multiple decentralized devices or
servers holding local data samples, without exchanging them. This is particularly useful in healthcare for maintaining
patient privacy while leveraging data from multiple institutions. [27]

Feature Engineering: The process of selecting and transforming variables when creating a predictive model. In medical Al,
this involves identifying the most relevant clinical features for a given task. [28]

G

Generative Al: Al technology that creates content by learning patterns from large datasets. In medicine, this could be used
to generate synthetic medical data for research or training purposes. [29]

Genomics Al: The application of Al techniques to analyze and interpret genomic data, aiding in personalized medicine and
genetic research. [30]

GPU Acceleration: The use of graphics processing units to speed up Al computations, crucial for processing large medical
datasets and complex Al models. [31]

H

Human-in-the-loop (HITL): A system where humans and machines work together to make decisions. This is particularly
relevant in clinical decision support systems, where Al assists but doesn't replace human medical judgment. [32]

Healthcare Chatbots: Al-powered conversational agents designed to interact with patients, provide health information,
and assist with basic medical queries. [33]

Internet of Medical Things (loMT): The network of medical devices and applications that collect and share health data,
often analyzed by Al systems to improve patient care and health outcomes. [34]

Image Segmentation: An Al technique used to partition medical images into multiple segments or objects, crucial for
tasks like tumor boundary detection or organ volume measurement. [35]

Intelligent Character Recognition (ICR): An advanced form of Optical Character Recognition (OCR) that uses Al to
recognize and digitize handwritten text in medical records. [36]



K

K-Nearest Neighbors (KNN): A machine learning algorithm used for classification and regression, applied in medical
diagnosis to find similar patient cases. [37]

L

Large Language Model (LLM): Sophisticated machine learning algorithms capable of understanding, summarizing,
generating, and predicting textual content. In medicine, LLMs can be used to analyze medical literature or assist in clinical
documentation. [38]

Long Short-Term Memory (LSTM) Networks: A type of recurrent neural network capable of learning long-term
dependencies, useful in analyzing time-series medical data like ECG signals. [39]

M

Machine Learning: A subset of Al that enables software applications to improve their predictive accuracy by
autonomously learning from data. In healthcare, it's used for tasks like predicting disease progression or patient outcomes.
[40]

Medical Imaging Al: The use of Al techniques to analyze and interpret medical images such as X-rays, CT scans, and MRIs,
aiding in diagnosis and treatment planning. [41]

Multi-modal Learning: Al systems that can process and integrate multiple types of data (e.g., images, text, and numerical
data) to make more comprehensive medical assessments. [42]

Natural Language Processing (NLP): A subfield of Al that focuses on understanding and generating human language. In
healthcare, NLP is used to extract information from clinical notes and medical literature. [43]

Neural Networks: A type of machine learning model inspired by the structure and function of the human brain, used in
various medical Al applications. [44]

Neural Style Transfer: An Al technique that can apply the style of one image to the content of another, potentially useful
in medical imaging for standardizing image appearance across different machines or protocols. [45]

0

Optical Character Recognition (OCR): A technology that uses Al to convert different types of documents, such as scanned
paper documents, PDF files, or images, into editable and searchable data. In healthcare, OCR can be used to digitize paper
medical records. [46]

P

Precision Medicine: A medical approach that tailors treatment to individual patients based on their genetic, molecular,
and environmental factors. Al plays a crucial role in analyzing the complex data involved in precision medicine. [47]

Predictive Analytics: The use of data to predict future outcomes. In healthcare, this can be used to forecast patient risks,
disease outbreaks, or resource needs. [48]



Population Health Management: The use of Al to analyze large sets of patient data to identify trends and make
predictions about health outcomes for specific populations. [49]

R

Reinforcement Learning: A type of machine learning where an Al agent learns to make decisions by taking actions in an
environment to maximize a reward. In healthcare, this could be used to optimize treatment plans or drug dosing. [50]

Responsible Al: The ethical and trustworthy development, implementation, and use of Al systems in healthcare, focusing
on positive societal impact while avoiding harmful consequences and fostering trust among patients and healthcare
providers. [51]

Robotics in Healthcare: The use of Al-powered robots in medical settings, from surgical assistance to patient care and
rehabilitation. [52]

Radiomics: The extraction of large amounts of features from radiographic medical images using data-characterization
algorithms. [53]

S

Supervised Learning: A type of machine learning where the algorithm is trained on labeled data. In medicine, this could
involve training an Al to recognize specific diseases in medical images. [54]

Support Vector Machines (SVM): A machine learning algorithm used for classification and regression analysis, applied in
medical diagnosis and prognosis. [55]

Synthetic Data Generation: The creation of artificial data that mimics the statistical properties of real data, used to
augment medical datasets while preserving patient privacy. [56]

T

Telemedicine Al: The use of Al to enhance remote healthcare services, including symptom checking, triage, and follow-up
care. [57]

Transfer Learning: A machine learning method where a model developed for one task is reused as the starting point for a
model on a second task. In medical Al, this can be useful for adapting models to new but related medical tasks with limited
data. [58]

Text Mining: The process of deriving high-quality information from text, often used to extract insights from medical
literature and clinical notes. [59]

U

Unsupervised Learning: A type of machine learning where the algorithm is trained on unlabeled data. In healthcare, this
could be used to discover unknown patterns in patient data. [60]

U-Net: A convolutional neural network architecture commonly used for biomedical image segmentation tasks. [61]



vV

Virtual Health Assistants: Al-powered digital assistants that can provide health information, reminders, and basic medical
advice to patients. [62]

Voice Recognition in Healthcare: The use of Al to convert spoken words into text, useful for dictation in electronic health
records or voice-controlled medical devices. [63]

W

Wearable Al: Al algorithms embedded in wearable devices to analyze health data in real-time and provide personalized
health insights and recommendations. [64]
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